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Abstract.
Unification of Kohonen Neural Network with the
branch-and-bound algorithm is presented for
clustering large set of pattern. A two-step
identification procedure is developed for pattern
recognition : coarse and fine identification. The
coarse identification is designed for finding a
class of object while the fine identification
procedure is to identify a specific object. The
Branch-and-Bound search technique is employed for
designing coarse neural network learning paradignm.
We have explored the application of Kohonen Neural
Network on coarse identification and presented the
very promising results.
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IV. Experimental result and system performance
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